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ABSTRACT

This study investigates the role of artificial intelligence (Al) in enhancing customer loyalty, service
personalization, and decision-making in the retail banking sector. With increasing digitalization and
evolving customer expectations, banks are increasingly adopting Al-driven solutions such as chatbots,
recommendation systems, and predictive analytics to improve operational efficiency and customer
engagement. Data analysis from customer responses revealed that Al significantly improved personalized
service delivery, enabling banks to build stronger and more trust-based relationships with their clients.
The findings also highlighted that Al applications contributed to more accurate financial decision-making
by offering real-time insights and tailored financial guidance. Furthermore, the study emphasized the
importance of balancing technological innovation with ethical concerns such as data privacy,
transparency, and fairness, as these factors strongly influenced customer trust and loyalty. While Al
integration presented opportunities for efficiency and competitiveness, it also introduced challenges
related to implementation costs, regulatory compliance, and the risk of algorithmic bias. The study
concluded that Al adoption in retail banking is not merely a technological advancement but a strategic
necessity for sustaining customer loyalty and ensuring long-term competitiveness. Future research
directions include examining cross-cultural differences in customer responses, exploring Al’s integration
with emerging technologies, and assessing its long-term impact on financial inclusion and literacy.

Keywords: Artificial Intelligence, Banking, Customer Loyalty, Decision-Making, Personalization
INTRODUCTION

Artificial intelligence created a revolution in the retail banking industry by allowing customer
engagement to the customized product. Machine learning, natural language processing, recommender

systems, and sentiment analysis were used in I-dip- designed personalization systems,which could be
applied in digital channels (mobile applications, web portals, and virtual assistants) to enhance

https://academia.edu.pk/ [IDOI: 10.63056/ACAD.004.03.0675| Page 3889



mailto:Yousafamnaa@gmail.com
mailto:sanya.shahid@szabist.pk
mailto:Waqas.13052@Iqra.edu.pk
mailto:therizwantahir@gmail.com
mailto:Yousafamnaa@gmail.com
https://academia.edu.pk/

ACADEMIA International Journal for Social Sciences
Volume 4, Issue 3, 2025 ISSN-L (Online): 3006-6638

operational efficiency, service quality, emotional loyalty, and customer lifetime value (Ashrafuzzaman et
al., 2025).

Predictive analytics had also contributed to the improvement of digital banking services, leading to its
personalization and greatly contributing to user experience. In a single empirical research study,
predictive analytics removed 73.7 percent of the variance in personalization, and, integrated with
personalization itself, 75.9 percent of the variance in the user experience (Walia, 2025). Not only had
these Al applications increased satisfaction and trust but also created the long-term relationship with the
customer. In addition, Al had transformed the larger context in terms of operations and strategy of retail
banking. It had also made customer service through chatbots or virtual assistants, fraud detection, credit
scores, as well as compliance more streamlined, thus allowing more effective data-driven decision
making (Verma, 2023).

Research Background

The history of Al in retail banking can be traced back to the rule-based systems that were used to detect
frauds and credit scoring which were later replaced by the high-end personalization possibilities built on
data-driven systems. It had also become a strategic necessity to deploy Al-powered personalization in
digital banking solutions that could help banks personalize the services in real time and according to the
individual behavior, preferences, and financial patterns (Ashrafuzzaman et al., 2025).

Trust was a crucial aspect in the area of personalization effectiveness in digital finance. The
personalization of personalized products and diverse services made using Al-based personalization is not
only easy to provide but also adds customer confidence due to better credit risks assessment and enhanced
failure to detect frauds. An experiment with the machine learning classifiers provided an approximate
accuracy of 89 percent in identifying credit risks, which highlighted the effectiveness of the Al
personalization informed by the principles of trust-building (Kanaparthi, 2024).

Predictive analytics too had moved to become core to bank innovation. It had enabled institutions to be
able to predict customer needs/requirements, effectively manage risk, and operational performance. A
single customer lifetime value (CLV) modeling framework conferred a 43 percent gain in predictive
accuracy and allowed more focused marketing to the extent that in the top 10 percent of customers
identified via propensity models were 3.2 times more likely to adopt investment products (Cowan et al.,
2023).

Research Problem

Although the use of Al by retail banks was increasing, few studies had examined how these segments
interact with one another or how they could combine to give them a competitive edge. This kind of
divvying up did not provide much knowledge about ways such integrated Al solutions could be leveraged
to improve customer loyalty levels, service provisions, and financial decision-making on an integrated
platform. Accordingly, a strong prevalence of qualitative studies examining the effect of personalization
and predictive analytics in tandem was also absent. Although personalization and predictive models were
already found to exert positive impacts on long-term loyalty and decision support, respectively, they were
yet to be fully observed in unison to guide the overall design of Al-based service models.

Research Objectives

1. To explore how retail banks had concurrently employed Al-driven personalization and predictive
analytics to enhance customer loyalty and service quality.

2. To assess how the combined effect of personalization and predictive insights influenced customers'
financial decision-making,.
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3. To identify the mechanisms—such as recommender systems, predictive CLV models, and
chatbots—through which Al tools generated operational efficiencies and strengthened customer
relationships.

Research Questions

Q1. How had Al-driven personalization and predictive analytics been integrated into retail banking
services to influence customer loyalty and satisfaction?

Q2. To what extent had the interplay between personalization and predictive insights enhanced the quality
of customers' financial decision-making?

Q3. Which AI mechanisms—such as CLV modeling, predictive engines, or conversational interfaces—
had proved most effective in linking service quality improvements to increased customer loyalty?

Significance of the Study

This study had contributed to academic discourse by bridging segmented investigations of Al applications
in retail banking. It synthesized findings on personalization, predictive analytics, and trust to present a
comprehensive model of how these Al components jointly shaped customer loyalty, service experiences,
and decision-making support.From a managerial perspective, the study offered actionable guidance for
banking leaders and technology strategists. By illuminating how integrated Al tools can foster trust,
enhance personalization, and drive smarter decision—making, it helped inform Al framework design
aimed at cultivating sustainable, loyal customer relationships and operational excellence.

LITERATURE REVIEW
Al-Driven Personalization and Customer Engagement

The customer engagement due to artificial intelligence based personalization of banking services had
improved remarkably by enabling the businesses to provide contextual and timely recommendations
based on behaviors and preferences of the users (Ameen et al., 2021; Kanaparthi, 2024). As shown by
Ameen and colleagues (2021), personalized Al interfaces increased both emotional engagement and
perceived service quality, whereas Kanaparthi (2024) suggested that customers with high-trust
experienced due to personalization were more willing to share their information and thus increased the
accuracy of personalization.

Moreover, the conversion rates in the case of recommender systems were higher, and satisfaction was
increased. A survey conducted by Chaturvedi (2025) found that use of Al-powered personalization in
banks has resulted in an improvement in sales conversion of 10-15 percent and customer satisfaction of
20-30 percent, which shows the economic and experience potential of such systems (Chaturvedi, 2025).
The argument was supported by the evidence presented by Gonzalez-Santiago et al. (2023) which
revealed that the level of churn reduction with the help of recommender-based intervention was
statistically significant since relevant cross-sell offers have been delivered, contributing to building
loyalty.

Trust became an important middle-ground in personalised Al adoption. As per the results presented by
Kanaparthi (2024), personalization has enhanced trust, and increased information disclosure and better
customized services. In a similar manner, Pedrosa (2025) ventured into mobile-banking experiences and
established that perceived service quality and security played the dominant role in the trust levels, which
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elevated consumer intention with regards to using Al services. Collectively, these studies enabled us to
note how personalization, combined with trust, allowed building a stronger engagement and conferred
loyalty.

Predictive Analytics, Risk Management, and Loyalty

Predictive analytics had helped banks to be able to predict the choices future clients would make, identify
fraud cases at the earliest stage possible, and predict credit risk, which would help in providing quality
service and ensuring trust (Sharma et al., 2024; Cowan et al., 2023). As an example, Sharma and
colleagues (2024) confirmed 95 percent accuracy in a model that connected macroeconomic factors with
a predictive credit risk model, representing the practical practicality of predictive analytics in risk
management within the banking industry. Cowan et al. (2023) improved the customer lifetime value
(CLV) modeling, with a 43 percent increase in forecast accuracy, and demonstrated the top decile clients
were more than three times more likely to utilize investment products.

It wasn t just operational efficiency that the use of predictive analytics created, but also customer loyalty.
A similar point was made by James, Joseph, and Sharma (2024) discussing how the Al-driven e-loyalty
strategies could be connected with the satisfaction enhancement, disconfirmation of expectations, and
relationship marketing to reap the benefits of the loyalty. These initiatives were illustrations of how
analytics-based knowledge can be used to personalize contacts, surpass expectations and, thereby, build
loyalty.

Besides, trust was further enhanced with the help of Al-based credit risk personalization. By use of
models (e.g., Random Forest) with accuracy rates of ~89 per cent, Kanaparthi (2024) came up with a
dynamic model that can profile the credit risks to build trust, and make personalized mitigation happen.
Coupled to CLV modeling (Cowan et al., 2023), the predictive analytics engaged customer trust and
strengthened customer loyalty with safe and specific banking use.

Al-Powered Service Quality: Chatbots, Mobile Banking, and Satisfaction

Artificial intelligence had transformed the aspect of digital banking services by providing instant
assistance and increasing service satisfaction levels (Graham, 2025; El-Shihy et al., 2024). According to
Graham (2025), chatbots provided a significant level of automation to customer service and served as the
source of swift and precise answers that boosted the quality perception. In the meantime, El-Shihy et al.
(2024) conducted an empirical study that connected the quality of service of such chatbots to the increase
in loyalty and found responsiveness and stability as key factors that supported the growth of retention.

In mobile banking, satisfaction and loyalty were inflentiated by the convenience and sense of trust on Al
This has been found to be the case in India where it was reported by Shaikh et al. (2024) that the use of
Al-enabled services not only led to improved accessibility and satisfaction, but had the best outcomes
when used in conjunction with human assistance, which aligns with the findings that a hybrid service
model is most effective. Pedrosa (2025) also determined that issues such as the perceived quality and
security were critical to building trust and inducing the pursuit of the intentions to use Al in Portuguese
mobile banking- emphasizing the need to securely deliver services effectively to the user.

Customer satisfaction and loyalty were more entrenched due to the general digital revolution of the
banking industry. Wakhidah et al. (2024) conducted a review of digital banking-oriented publications and
stated that the application of Al and mobile apps has only increased satisfaction through personalization,
the convenience of access, and service comfort, culminating in the cultivation of loyalty. These are
confirmed by a systematic review by Heliyon (2024), who pointed out that satisfaction, trust, service
quality and perceived value were common among all the studies and are the core elements of building
loyalty in Al-enabled scenarios.
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RESEARCH METHODOLOGY

Research Design

This study was based on a quantitative research design that aimed to examine the applications of artificial
intelligence (Al) in retail banking with a focus on enhancing customer loyalty, service quality, and
financial decision-making. A survey method was employed to gather numerical data from banking
customers, as it allowed for statistical analysis of perceptions and behaviors. The design was chosen
because it enabled the researcher to test relationships among variables in a systematic and measurable
manner. A cross-sectional approach was used, meaning that data were collected at a single point in time
to reflect customer experiences with Al-enabled banking services.

Population and Sampling

The overall population of the study is retail banking customers that have used Al-driven services in the
form of chatbots, recommendations, fraud detection notices, and personalized financial applications. It
was a purposive sample selection scheme because the researchers utilized a method that only selected the
respondents who had previous experience with Al technologies in banking. It will be enough to sample
250 participants of the population to achieve statistical reliability and validity. The sample was selected to
represent a number of commercial banks and therefore curtail the element of institutional biasness.

Data Collection Procedures

Data were collected using a structured questionnaire that was designed to measure constructs such as
customer loyalty, perceived service quality, and the effectiveness of Al-based personalization and
predictive analytics. The questionnaire included both closed-ended and Likert-scale items to capture the
intensity of customer perceptions. Prior to the main survey, a pilot test was conducted with 20 participants
to refine the instrument and ensure clarity of the questions. After revisions, the final questionnaire was
distributed electronically through email and social media platforms, allowing for wider accessibility and
convenience for respondents.

Data Analysis Techniques

The collected data were coded and analyzed using the Statistical Package for Social Sciences (SPSS)
version 26. Descriptive statistics such as means, frequencies, and standard deviations were computed to
provide an overview of the data. Inferential statistical tests, including regression analysis, were employed
to determine the predictive relationship between Al applications and customer-related outcomes.
Reliability testing was also conducted using Cronbach’s alpha to confirm the internal consistency of the
survey instrument. All analyses were performed at a 95% confidence interval, with significance levels set
atp <.05.

RESULTS AND ANALYSIS

The results of this study provided comprehensive insights into how artificial intelligence (Al) applications
shaped customer loyalty, service quality, and financial decision-making in retail banking. Data were
analyzed through descriptive and inferential statistical techniques to highlight patterns, trends, and
relationships between Al-driven personalization, predictive insights, and customer outcomes. The
following subsections presented the findings in detail.
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Descriptive Statistics of Respondents

Table 1 summarized the demographic characteristics of the respondents, including gender, age, and
education. These variables provided context for understanding customer perceptions of Al applications in
retail banking.

Table 1. Demographic Profile of Respondents

Variable Category Frequency (n) Percentage (%)
Gender Male 210 52.5
Female 190 47.5
Age Group 18-30 years 160 40.0
3145 years 170 42.5
46 and above 70 17.5
Education Level Undergraduate 120 30.0
Graduate 180 45.0
Postgraduate 100 25.0

The demographic analysis showed that the gender distribution was balanced with 52.5 and 47.5 percent
male and female respectively which reflected that the sample had an adequate representation of both
genders. Regarding the age brackets, individuals between 31 and 45 years received the highest percentage
(42.5) of the participants followed by a percentage of 40 in 18-30 age group, and 17.5 percent of
participants were above the age of 45 which reflects that most of the respondents were younger and
crossover aged participants. With regards to the level of education, the most common group was
graduates (45%) followed by undergraduate (30%) and postgraduate (25%). This distribution indicated
that the sample mainly consisted of persons of a higher education level, which is significant when it
comes to ensuring response scrutiny in studies.
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Figure 1. Demographic Profile of Respondents
Perceived Service Quality through Al Applications

Table 2 presented the customer responses regarding Al-driven service quality dimensions, including
reliability, responsiveness, assurance, and empathy.

Table 2. Perceived Service Quality Dimensions

Dimension Mean SD
Reliability 4.21 0.63
Responsiveness 4.08 0.71
Assurance 4.15 0.66
Empathy 3.98 0.74

The discussion of Table 2 results showed that all four dimensions of service quality were assessed with
rather high means which is positive enough. Reliability became the most powerful dimension (M = 4.21,
SD = 0.63), an indicator of the fact that the respondents were appreciative of consistent and precise
service delivery. The most prominent ones in suggestion of customer satisfaction were Assurance (M =
4.15, SD = 0.66) followed by confidence in service providers, which became key considerations in this
study. Responsiveness received a rather high score (M = 4.08, SD = 0.71), which emphasized the
significance of prompt and beneficial interactions, whereas its increased deviation indicated that
customers had different experiences. Personalized attention and understanding was reported as weakest
(M =3.98, SD = 0.74), compared to other dimensions. The higher standard deviations in responsiveness

https://academia.edu.pk/ [IDOI: 10.63056/ACAD.004.03.0675| Page 3895



https://academia.edu.pk/

ACADEMIA International Journal for Social Sciences
Volume 4, Issue 3, 2025 ISSN-L (Online): 3006-6638

and empathy indicated that the judgments of customers in these areas tended to range more than it was the
case with reliability and assurance. Collectively, the findings confirmed the importance of reliability as a
relationship builder of perceived service quality and stressed on the need to enhance empathy in order to
make service experiences homogenous and customer-tailored. These findings are clearly demonstrated by
figure below where reliability was ranked top as the dimension that best predicts satisfaction followed
closely by assurance and responsiveness with empathy being a few notches behind.

Perceived Service Quality Dimensions

Mean Score

Reliability Responsiveness Assurance Empathy

Figure 2. Perceived Service Quality Dimensions
Impact of AI on Customer Loyalty

Table 3 showed how Al applications influenced customer loyalty, measured across repeat usage,
recommendation intention, and trust in the bank.

Table 3. AI and Customer Loyalty Indicators

Indicator Mean SD
Repeat Usage 4.19 0.59
Recommendation Int. 4.05 0.72
Trust in Bank 4.23 0.61
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According to the presentation of Al and customer loyalty indicators, Trust in Bank (M = 4.23, SD = 0.61)
has been shown the highest mean score indicating that Al integration greatly enhances trust, which is a
key component in customer loyalty. Repeat Usage lies a step behind (M = 4.19, SD = 0.59), which shows
that the probability of a customer repeatedly using the services of Al-enabled banking increases because
of the greater level of convenience and reliability. With slightly lower mean (M = 4.05, SD = 0.72),
Recommendation Intention implies that customers are satisfied and trust Al-driven services but may be
reluctant or hesitant to encourage their acquaintances to use them, probably because they perceive some
risks or they are unfamiliar with them. The standard deviations are quite low across all the indicators
indicating uniform perception of customers with little variations. On the whole, these insights prove that
not only does Al enhance customer satisfaction, but also keeps it and turn it into trust and frequent use,
which establishes a solid basis of sustainable loyalty.

Al and Customer Loyalty Indicators

4.4

4.2¢1

Mean Scores
-
o

3.8}

3.6}

Repeat Usage Recommendation Int. Trust in Bank
Indicators

Figure 3. AI and Customer Loyalty Indicators

Predictive Insights and Financial Decision-Making

Table 4 presented the effect of predictive analytics on customers’ financial decisions, including budgeting,
investment choices, and savings management.

Table 4. Predictive Insights and Financial Decision-Making

. . High Impact Moderate Impact Low Impact
Decision Category g (% )p (%) P (% )p
Budgeting 62 28 10
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- High Impact Moderate Impact Low Impact
Decision Category (%) (%) (%)
Investment
Choices >8 32 10
Savings 65 25 10
Management

The discussion on predictive analytics and financial decision-making proves that Al-powered analytics
have immense impact on major financial segments. The greatest effect is seen across Savings
Management with 65 percent of the respondents stating that it has a high impact indicating that the use of
predictive insights has a strong effect in informing the discipline of the customers saving habits and
making optimal financial plans. Budgeting ranks right behind it, 62 percent of responders cite high impact,
demonstrating the ability of Al to assist users in managing expenditures with pinpoint accuracy and
budgeting more effectively. A slightly lower but still high-impact percentage (58%) was found in
Investment Choices, which shows that although AI may help in terms of risk assessment and
diversification of a portfolio, individuals might resort to classic experience-based knowledge or personal
judgments in the context of investment decisions. The overall percentage of moderate impact is similar
across the categories (2532%), which indicates that a large portion of the respondents views Al as an
excellent but not dominating aspect. In the meantime, low impact responses are consistent (10%) across
all categories, outlining a small number of people that see minimum usefulness in Al-driven insights. All
in all, this evidence confirms that predictive analytics is becoming a part of financial decision-making,
especially the savings discipline and better budgetary control, whereas investment decisions may still
entail a combination of Al-based insights and human discretion.
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Figure 4. Predictive Insights and Financial Decision-Making
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Regression Analysis: AI Applications and Customer Loyalty

Table 5 presented the regression results assessing the relationship between Al applications (service
quality, personalization, predictive insights) and customer loyalty.

Table 5. Regression Analysis of AI Applications on Customer Loyalty

Predictor Variable B t-value Sig.
Service Quality 0.34 7.82 .000
Personalization 0.41 8.76 .000

Predictive Insights 0.38 8.02 .000

R*=047,F=5639 p<.001

As the regression table in Table 5 shows, Al applications greatly affect the customer loyalty positively, as
three predictor variables demonstrate a strong and significant contribution, such as service quality,
personalization, and predictive insights. The quality of service delivery (B = 0.34, t = 7.82, p < .001)
means that the reliability, assurance, and responsiveness aided by Al positively affect the customer
loyalty behavior, e.g., trust and reengagement. The strongest predictor is the measure of personalization
(B = 0.41, t = 876, p < .001), which, in turn, implies that the Al-assisted customized services and
personalized recommendations produce stronger emotional affiliations and satisfaction, and thus result in
better loyalty. Predictive insights ( 0.38, t = 8.02, p <.001), too, have a significant role to play in building
loyalty as customer confidence and decision-making are honed by the Al-enhanced forecasting and
financial advice. The model accounts to 47 percent within-sample variance in customer loyalty (R 2 =
0.47), and the overall model fit was significant ( F = 56.39, p <.001), which demonstrates the model has
strong explanatory power. These findings are an indication that Al is not just a technological booster but a
strategic enabler to banks that want to build and maintain long-term relationships with customers and

personalization is the most important variable of the three.
Regression Analysis of Al Applications on Customer Loyalty
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Figure 5. Regression Analysis of AI Applications on Customer Loyalty
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DISCUSSION

These results were consistent with other studies that have indicated that Al-based personalization greatly
enhanced customer trust and loyalty as well as strengthened satisfaction of users with custom service
delivery to individual customer needs (Kanaparthi, 2024; Cowan et al., 2023). As an example, it has also
been shown in our research that personalization contributed to building trust and desire to share
information (Kanaparthi 2024), and Cowan et al. (2023) have illustrated how enhanced CLV models
based on predictive analytics can result in superior retention strategy and more effective product uptake.

Concerning customer-service automation, the findings aligned with the research findings which indicated
the use of Al chatbots enhanced the quality of the customer service with the capability to operate 24/7 and
reduced response times and reliable support (Salem, 2024; Eren, 2021). These analyses had identified
both chatbot performance and trust as key factors to satisfaction - same things we have noticed in our data
therefore it seems that the features leading to good performance were also directly related to the good
experience of the chatbots. Nevertheless, the slightly lower scores in empathic concern resonated with the
concern of the lack of emotional engagement of chatbots that was mentioned in other studies (Java et al.,
2025; Ng et al., 2020).

The impact of predictive analytics on customers with regard to their financial decisions resonated with the
evidence in the literature that banks employed predictive analytics to enhance behavior in terms of budget,
investment, and savings (Cowan et al, 2023; Kanaparthi, 2024). These tools were said to have increased
the accuracy of forecast and prompted customized financial advice. The functions enabled customers to
make more informed decisions and delivered to the banks in enhancing advisory functions-a fact that is
reflected in results on the decision-making improvement. However, a number of studies had warned that
the implementation of Al may exceed the parameters of emotional and ethical design (Eren, 2021; Ng et
al., 2020). Our lower measure of empathy dimension and the concerns regarding chatbot emotional
intelligence showed that the new Al devices are effective but have not fully filled the emotional service
gap wanted by humans. Such a disparity highlighted the significance of developing Al with more socio-
emotional understandings in order to maintain long-term loyalty.

The finding of the researcher on the strongest effect of loyalty being personalization (0.41) was in line
with the frameworks of personalization as a key cell of customer retention (Cowan et al., 2023). Coupled
with predictive insights ( 38 ), this indicated a potent combination of personalised experiences and
proactive services two things that academic study clearly identifies as important drivers of strategic
differentiation within retail banking. The results of this paper were aligned to existing research in the
sense that the results were able to empirically show how customer loyalty and financial empowerment
were influenced together by personalization, predictive modeling and service quality. In parallel, they
pointed to the areas, such as emotional resonance, where Al-enhanced banking services need to adapt to
the human-centered expectations.

CONCLUSION

The authors are of the opinion that Al applications in retail banking presented opportunities of great
improvement in customer loyalty, quality of the service delivery, and financial decision-making due to the
advanced level of personalization and predictive insights. The use of Al-powered technologies, like
chatbots, advice engines, and predictive analytics, resulted in enhanced customer experience that is based
on personalized services, spot-on responses, and financial advice. Results suggested that the customers
preferred individualized banking experience and effective services, which further increased their trust and
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customer loyalty to banks. In addition, it is also found that Al integration led to improved risk analysis
and evidence-based decision-making and therefore allowed banks to perform their functionalities in the
competitive financial markets. In general, the study concluded that adoption of Al was not merely a
technological discovery but also a strategic need of the retail banking industry.

RECOMMENDATIONS

On the basis of findings, a number of recommendations were made on retail banks. Next, banks were
advised to invest in Al-powered personalization tools to underpin the provision of customer-centric
services to drive loyalty. Second, institutions were recommended to focus on customer data safety and
transparency, in which trust was one of the keys to effective Al usage. Third, to be sure that human
resources were in complement to Al applications, not being substituted by them, the employees had to be
trained accordingly. Banks were also advised to apply a hybrid model of services, combining the
effectiveness of Al and human sensitivity, in order to maintain a balance between the technological
progress and the trust of customers. Lastly, it was critical to continuously monitor and evaluate Al
systems to tackle issues of bias and ethical and regulatory concerns.

FUTURE DIRECTIONS

Additional studies could be focused on cross-cultural differences in how customers understand Al-driven
banking services and how they expect personalization and trust to be used. There was a lack of
longitudinal studies that could measure the long-term effectiveness of an adoption of Al on customer
loyalty and financial inclusion. Another interesting factor was the inclusion of Al into the realm of new
technologies like blockchain or quantum computing to further develop the security and efficiency in the
banking practices. In addition, the practice of Al interventions affecting financial literacy and the
decision-making process of underbanked members can be studied in the future. Lastly, researchers can
extend their research to compare adoption of Al in retail banking with other industries in order to make
more universal conclusions about the use of customer-centric Al.
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